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Abstract

A central challenge in LLM extraction defense and physics-editable world models is to compare studies
whose mechanisms and validation settings do not share a single denominator. The present review uses a
honeypot knowledge graph that redirects model-extraction queries toward low-transferability knowledge
and a large-scale dataset organized around physically editable world-model factors as focal cases for a
boundary-aware synthesis. Two target papers are triangulated against 12 locally validated publications.
The comparison follows attack modeling, honeypot knowledge, query economics, utility preservation,
adaptive attackers and deliberately separates mechanistic interpretation from performance ranking,
because the latter can conceal incompatible experimental or operational conditions. Across the evidence
base, the decisive issue is alignment: attack modeling shapes what is observed, honeypot knowledge
shapes how it is compared, and adaptive attackers governs whether the conclusion can be transferred.
Uncertainty is most informative when reported as part of the result rather than treated as a postscript.
The resulting framework supports reproducible comparison while preserving differences between study
designs, and it identifies concrete points at which transfer claims should be narrowed or retested.
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1. Introduction

Work in LLM extraction defense and physics-editable world models sits at an interface between
scientific ambition and practical constraint. A mature account offers not only stronger nominal
performance but also explanations for when and why a method works. The problem can be seen in
comparing a honeypot knowledge graph that redirects model-extraction queries toward
low-transferability knowledge with a large-scale dataset organized around physically editable
world-model factors through robust evaluation under distribution shift. Evidence that appears persuasive
within a particular material, corpus, cohort, geography, or load profile can lose force under a different
data-generating process. The review process consequently has to preserve the unit of analysis and the
decision context. This requires distinguishing a mechanism from a correlation, a benchmark advantage
from a deployment advantage, and an interpretable diagnostic from a causal explanation.

The evidence is examined through five lenses: attack modeling, honeypot knowledge, query economics,
utility preservation, adaptive attackers. The lenses were selected because they jointly cover design
decisions, measurement practice, and the assumptions that support transfer. The synthesis is structured
by representation, objective, and evaluation protocol. Under that principle, new architecture does not by
itself establish utility; the comparison also evaluates comparator fairness, uncertainty reporting, and real
operating constraints. This contribution is a literature synthesis and makes no claim to original
experiments, samples, observations, or performance estimates.
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2. Methodological Foundations

The evidence pathway can be divided into the input evidence, the transformation applied to it, the output
used for evaluation, and the decision that follows. In LLM extraction defense and physics-editable world
models, individual stages may be optimized without their interfaces even though errors propagate across
them. A powerful model can intensify errors embedded in the initial evidence; an apparently accurate
output can still be poorly calibrated for the final decision. This is why, ablation evidence should
accompany aggregate performance. A strong comparison states its controlled factors and permitted
variation, then selects metrics that correspond to the intended use rather than to convenience alone.

Scope discipline is equally important. Attack modeling defines the local design problem, while adaptive
attackers determines whether the design can survive outside that boundary. The middle of the chain
includes honeypot knowledge and query economics connect those ends by exposing trade-offs that a
single score conceals. At this point, null findings and controlled perturbations locate the useful boundary
of an explanation. For applied work, documentation of deployment constraints is therefore part of the
scientific result, not an administrative afterthought.

3. Comparative Evaluation

The target study U637-02, Let Them Steal: Trapping Large Language Model Extraction Attacks with
Knowledge Honeypot [1], addresses a concrete part of LLM extraction defense and physics-editable
world models through a honeypot knowledge graph that redirects model-extraction queries toward
low-transferability knowledge. It identifies a representation, mechanism, or evaluation boundary needed
to compare claims. Against the focus on comparing a honeypot knowledge graph that redirects
model-extraction queries toward low-transferability knowledge with a large-scale dataset organized
around physically editable world-model factors through robust evaluation under distribution shift, the
paper is treated as a bounded design case: transfer may depend on its sensing regime, preparation,
workload, population, or benchmark. The synthesis protects the study's stated scope while auditing its
assumptions comparatively.

The target study ACQ-01, PhysEditWorld: A Large-Scale Dataset Toward Physics-Editable World
Models [2], addresses a concrete part of LLM extraction defense and physics-editable world models
through a large-scale dataset organized around physically editable world-model factors. It identifies a
representation, mechanism, or evaluation boundary needed to compare claims. Against the focus on
comparing a honeypot knowledge graph that redirects model-extraction queries toward
low-transferability knowledge with a large-scale dataset organized around physically editable
world-model factors through robust evaluation under distribution shift, the paper is treated as a bounded
design case: transfer may depend on its sensing regime, preparation, workload, population, or
benchmark. The synthesis protects the study's stated scope while auditing its assumptions comparatively.

Across the focal studies, attack modeling should be interpreted jointly with honeypot knowledge. A
design can improve one while imposing a less visible trade-off on the other. The analysis can be
summarized in a compact matrix whose rows are operating conditions and whose columns are evidence
quality, computation or process cost, robustness, and consequence of failure. The structure can prevent
an attractive mechanism from being detached from the circumstances that support it. The structure
shows which ablations are informative: removal should interrogate causal function rather than decorate
the results table.

Query economics provides the bridge from method to decision. A minimally complete evaluation should
contrast nominal operation with boundary tests and report more than means, and test plausible
alternative explanations. Where distribution shift is central, calibration or sensitivity is as important as
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ranking. Where costs or hazards are asymmetric, utility-weighted assessment is more revealing than
undifferentiated accuracy. Such choices do not force uniformity; they make the reasons for their
differences auditable.

4. Architecture and Learning Objectives

A first comparison set connects Data Governance for Lifelong Intelligent Systems in Health and Disaster
Adaptation [3]; 3D4D: An Interactive, Editable, 4D World Model via 3D Video Generation [4];
Open-Source Cloud Security Compliance Based on Policy Evidence Graphs [5]. These publications
were retrieved and verified through DOI or publisher metadata, and their titles directly intersect the
problem boundary of LLM extraction defense and physics-editable world models. Together they
illuminate attack modeling: some emphasize representations or mechanisms, whereas others foreground
validation and application conditions. The useful comparison is not a leaderboard across incompatible
settings, but a structured reading of what each study controls, leaves variable, and treats as a meaningful
outcome. Divergence can then reveal a change in scale, data process, endpoint, or operating constraint.

The neighboring evidence base brings together Controllable and Editable Neural Story Plot Generation
via Control-and-Edit Transformer [6]; Explainable Security Risk Analytics for Embedded Networks and
Cloud Infrastructure [7]; Regional Traditional Painting Generation Based on Controllable
Disentanglement Model [8]. These publications were retrieved and verified through DOI or publisher
metadata, and their titles directly intersect the problem boundary of LLM extraction defense and
physics-editable world models. Together they illuminate honeypot knowledge: some emphasize
representations or mechanisms, whereas others foreground validation and application conditions. The
useful comparison is not a leaderboard across incompatible settings, but a structured reading of what
each study controls, leaves variable, and treats as a meaningful outcome. Divergence can then reveal a
change in scale, data process, endpoint, or operating constraint.

A complementary strand is visible in Residual Data Leakage Detection Across Object Storage Lifecycle
Transitions [9]; CAD-RAG: A multi-modal retrieval augmented framework for user editable 3D CAD
model generation [10]; Session-Level Threat Scoring for Privileged Operations in Elastic Infrastructure
[11]. These publications were retrieved and verified through DOI or publisher metadata, and their titles
directly intersect the problem boundary of LLM extraction defense and physics-editable world models.
Together they illuminate query economics: some emphasize representations or mechanisms, whereas
others foreground validation and application conditions. The useful comparison is not a leaderboard
across incompatible settings, but a structured reading of what each study controls, leaves variable, and
treats as a meaningful outcome. Divergence can then reveal a change in scale, data process, endpoint, or
operating constraint.

For triangulation, the literature includes Real-world image denoising via efficient diffusion model with
controllable noise generation [12]; CLIP Security, Backdoor Defense, and Sequential Recommendation
in High-Stakes Learning [13]; Towards Real-Time 3D Editable Model Generation for Existing Indoor
Building Environments on a Tablet [14]. These publications were retrieved and verified through DOI or
publisher metadata, and their titles directly intersect the problem boundary of LLM extraction defense
and physics-editable world models. Together they illuminate utility preservation: some emphasize
representations or mechanisms, whereas others foreground validation and application conditions. The
useful comparison is not a leaderboard across incompatible settings, but a structured reading of what
each study controls, leaves variable, and treats as a meaningful outcome. Divergence can then reveal a
change in scale, data process, endpoint, or operating constraint.



A Boundary-Aware Synthesis of LIm Extraction Defense And Physics-Editab...

5. Deployment and Governance

Implementation can follow a staged workflow. First, define the decision and its failure cost. Second,
specify the evidence and operating envelope. Third, choose a method whose inductive assumptions
match that evidence. Fourth, test utility preservation and adaptive attackers under controlled
perturbations. Finally, retain provenance so that an unexpected outcome can be traced to data,
configuration, material batch, environmental condition, or user interaction. The staged design keeps
comparing a honeypot knowledge graph that redirects model-extraction queries toward
low-transferability knowledge with a large-scale dataset organized around physically editable
world-model factors through robust evaluation under distribution shift connected to observable
requirements.

A broader conclusion follows: responsible progress in LLM extraction defense and physics-editable
world models requires careful interfaces, not just strong components. Interfaces determine how
uncertainty moves between measurement and inference, between algorithm and operator, or between
microscopic design and system behavior. Joint work benefits from advance specification of acceptance
criteria and falsifying evidence. When those agreements are explicit, optimization can pursue efficiency
without silently relaxing validity, safety, or interpretability.

6. Limitations and Future Directions

This synthesis is limited by variation in definitions, study architecture, and disclosure granularity.
Verified authorship and venue do not substitute for independent empirical replication. Fast-moving
records create a further version-control problem. The workflow retains focal citations supplied as
confirmed Scholar text and isolates malformed metadata for explicit review.

The next generation of work should preregister comparison protocols where feasible, disclose reusable
configurations and examine transfer beyond the nominal regime in deployment constraints. Research
should also classify failures by causal mechanism as well as prevalence. For LLM extraction defense and
physics-editable world models, a valuable shared benchmark would combine baseline effectiveness,
resource consumption, calibration, and disturbance response. Such a benchmark would reward designs
that remain useful when evidence is incomplete or conditions change.

7. Conclusion

The evidence concerning LLM extraction defense and physics-editable world models is better
interpreted through the relationships among studies rather than a collection of isolated scores. The focal
studies show how comparing a honeypot knowledge graph that redirects model-extraction queries
toward low-transferability knowledge with a large-scale dataset organized around physically editable
world-model factors through robust evaluation under distribution shift; the additional literature reveals
the assumptions required to interpret those contributions. Across attack modeling, honeypot knowledge,
query economics, utility preservation, and adaptive attackers, the strongest cross-study principle is
alignment: the representation or mechanism must match the problem, the evaluation must match the
decision, and the deployment claim must match the tested boundary. This alignment supports
replication, bounded transfer, and interpretable failure.
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