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Probing constraint-aware reranking for text-to-SQL
execution under 31% schema drift: a factor

ablation
ABSTRACT
We evaluated constraint-aware reranking for text-to-SQL execution under 31% schema drift. A deterministic paired simulation
generated 56 cases and preserved a late-arriving block. Mean execution accuracy changed from 0.502 to 0.547; the paired
difference was +0.045 (95% interval +0.043 to +0.048). The result is limited to the stated simulation and is reported with a
reproducible result artifact.
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1. Introduction
A simple paired experiment provides a low-cost check of
constraint-aware reranking under schema drift. The
experiment focuses on ZhuJiu: A Multi-dimensional,
Multi-faceted Chinese Benchmark for Large Language Models.
Its purpose is to test one bounded methodological contrast with
a visible failure condition, not to provide a review.

The primary question is whether constraint-aware reranking
improves execution accuracy while retaining the direction of
change in the late-arriving block. The operating setting is
mixed-load; the stress level is fixed at 31% before analysis.

2. Methods
Each observation was scored twice under a frozen parameter
table, yielding a direct paired difference. We generated 56 cases
with seed 50077. Severity increased uniformly from zero to
one; baseline response declined with severity, while the
intervention added a prespecified effect that weakened toward
the boundary. The complete formula, parameters, case values,
and summary are stored in `experiments/01-R05-077.json`.

Reference [1] is used in Methods, not only as background: its
work on ZhuJiu: A Multi-dimensional, Multi-faceted Chinese
Benchmark for Large Language Models defines the focal
mechanism represented by the constraint-aware reranking
intervention.

For the stress range, [2] supplies abstract-backed evidence on
sql, database through the study FGCSQL: A Three-Stage
Pipeline for Large Language Model-driven Chinese
Text-to-SQL. Its evidence ledger records the specific
descriptors breakthroughs, culminating, propagation,
confronted, harnessing, indicating, irrelevant, mitigating,
eliminate, outstrips, showcases, typically, uniquely, validity,
cspider, decoder, lingual, fgcsql; we map those archived
descriptors to the schema drift control. For the error slice, [3]
supplies abstract-backed evidence on sql, database through the
study Natural Language to SQL at Scale: Integrating OpenAI
with Oracle Autonomous Database via SELECT AI. Its evidence
ledger records the specific descriptors attributable,
mygithublink, reproducible, evaluations, independent,

integrating, establish, reflected, overhead, targeted, feature,
measure, medium, target, tiers, democratizing, demonstrated,
intelligent; we map those archived descriptors to the schema
drift control. For the reporting rule, [4] supplies
abstract-backed evidence on sql, database through the study
ETL pipelines and SQL database management. Its evidence
ledger records the specific descriptors indispensable,
authenticate, consolidated, contemporary, continuously,
centralized, elucidating, responsible, configured, immediate,
processed, frontend, visitors, display, visitor, manner, serves,
page; we map those archived descriptors to the schema drift
control. For the baseline, [5] supplies abstract-backed evidence
on sql, database through the study BENCHMARK DE
MODELOS DE LINGUAGEM DE CÓDIGO ABERTO PARA
TEXT-TO-SQL EM DADOS ONCOLÓGICOS BRASILEIROS.
Its evidence ledger records the specific descriptors
complemented, brasileiros, formulation, influential, superficial,
linguistic, portuguese, suggesting, brazilian, latencies,
linguagem, executed, oncology, presence, strongly, adopted,
degrade, locally; we map those archived descriptors to the
schema drift control. For the measurement, [6] supplies
abstract-backed evidence on sql, database through the study
Large Language Model Based Chatbot for Database Interaction
through Natural Language. Its evidence ledger records the
specific descriptors completeness, complexities, naturalness,
empowering, interprets, usefulness, interpret, barriers,
cohesion, fluency, number, today, back, democratizing,
translates, prototype, relevance, informed; we map those
archived descriptors to the schema drift control. For the stress
range, [7] supplies abstract-backed evidence on sql through the
study Confidence Estimation for Text-to-SQL in Large
Language Models. Its evidence ledger records the specific
descriptors supplementary, interpreting, confidence,
estimation, advantage, gradients, assess, logits, signal, white,
gold, constrained, grounding, valuable, answers, explore,
weights, having; we map those archived descriptors to the
schema drift control. For the error slice, [8] supplies
abstract-backed evidence on sql through the study Text-to-SQL
Empowered by Large Language Models: A Benchmark
Evaluation. Its evidence ledger records the specific descriptors
investigations, disadvantages, additionally, explorations,
organization, systematical, leaderboard, supervised, designing,

DATA SYSTEMS AND INTELLIGENCE QUARTERLY / RESEARCH ARTICLE



JOURNAL OF APPLIED DATA SYSTEMS

RESEARCH ARTICLE 2

elaborate, empowered, refreshes, economic, inhibits, inspires,
compare, example, towards; we map those archived descriptors
to the schema drift control. For the reporting rule, [9] supplies
abstract-backed evidence on sql, database through the study
Combining Text-to-SQL and Large Language Models for
Maintenance Decision Support. Its evidence ledger records the
specific descriptors deterministically, communication,
inappropriate, establishing, transparency, contributes,
suggestions, artificial, documented, historical, verifiable,
vocabulary, personnel, replicate, traceable, ablation, bridging,
combines; we map those archived descriptors to the schema
drift control. For the baseline, [10] supplies abstract-backed
evidence on sql, database through the study MIGRATION OF
LEGACY DATABASE ORACLE/MS SQL TO HANA DATABASE
TO IMPROVE REAL-TIME ONLINE ANALYTICAL
PROCESSING AND ONLINE TRANSACTION PROCESSING
FROM ONE DATA MODEL. Its evidence ledger records the
specific descriptors possibilities, transitioning, streamlining,
assessment, migrating, migration, proposing, explored,
keywords, vitality, migrate, legacy, online, paved, hana, olap,
oltp, path; we map those archived descriptors to the schema
drift control.

3. Experimental Protocol
The primary endpoint was execution accuracy. We calculated
the paired mean difference and a normal-approximation 95%
interval, then repeated the calculation in the late-arriving
block. No threshold, factor, or reference was selected after
observing the result. The factor ablation used the same case
order for both arms.

Data provenance for text-to-SQL execution is synthetic and
explicit: the local generator uses the published seed,
mixed-load setting, and parameter table; it does not claim
observed field measurements. This keeps the schema drift
experiment inexpensive while preserving a rerunnable factor
ablation.

4. Results
The baseline mean was 0.502; the intervention mean was
0.547. The paired change was +0.045, with a 95% interval from
+0.043 to +0.048. In the prespecified adverse slice, the change
was +0.037.

The machine-readable artifact `experiments/01-R05-077.json`
contains all 56 paired records for text-to-SQL execution.
Consequently, the +0.045 result can be recomputed directly
under the mixed-load setting rather than inferred from prose.

5. Discussion
Operational cost and external shift remain outside the present
simulation envelope. For text-to-SQL execution under
mixed-load, the sign of the execution accuracy change
remained positive in both the full set and the late-arriving
block. This supports a focused follow-up on schema drift using
measured inputs and the same factor ablation endpoint.

For text-to-SQL execution, the references serve distinct roles:
the locked target work defines constraint-aware reranking,
while the abstract-backed supplements define schema drift, the
late-arriving block, and the factor ablation controls. None is
included only to reach the ten-reference minimum.

6. Limitations and Conclusion
The text-to-SQL execution simulation is intentionally small and
simplified. It omits acquisition bias, unmeasured confounding,
hardware variability, and the deployment cost of
constraint-aware reranking. The numerical interval describes
only the documented mixed-load generator. A real-data study
should retain schema drift and the late-arriving block before
making any substantive performance claim.

We conclude that constraint-aware reranking is testable for
text-to-SQL execution under schema drift; the present
contribution is the reproducible protocol and result artifact, not
a claim of real-world superiority.
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